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Description 

This add-in estimates the trend and cycle of a time series given a large information set using the 

Beveridge-Nelson decomposition based on a vector autoregression (Morley & Wong 2020). 

First, they show how to determine which conditioning variables span the relevant information by 

directly accounting BN trend and cycle in terms of contributions from different forecast errors. 

Second, they use the Bayesian shrinkage to avoid overfitting problem in finite samples when 

estimating large models. 

Dialog 

Upon running the add-in from the menus, a dialog will appear: 

 

The first box lets you specify the endogenous variables or group for Large BVAR. On the next 

box enter number of the lag. On the third box enter number of the target variable. If you ticked 

the impose lambda (checkbox), you have to insert the prior parameter lambda in the appropriate 

box. Other boxes are self-explanatory. 

 

Command line: 

bnmwd(options) #lag #target_variable @ endogenous_variables or group 



for example: 

group dlog_bench23 

dlog_bench23.add d(logc111clp2_ifs,1) 

dlog_bench23.add d(loggdp96,1) 

… 

dlog_bench23.add d(logc111is_ifs,1) 

 

bnmwd(sample="1959q3 2016q4") 4 2 @ dlog_bench23 

bnmwd(sample="1959q3 2016q4") 4 2 @ dlogc111clp2_ifs dloggdpc96 

dlogpcecc96 dlogdpic96 dlogindpro dcumfns dlogce16ov unrate dloghoanbs 

dloghoust dlogpcectpi dloggdpctpi dlogcpiaucsl dlogppiaco 

dlogces3000000008 dlogophnfb dfedfunds dt10yffm dlogm1real dlogm2real 

dlogtotresns pc_nonborres dlogc111is_ifs 

 

options 

Impose  Impose the lambda: 0 (default) or 1 

Lambda Prior parameter: lambda 

tsample Training sample: 80 (default:20 years)  

sample Sample size 

graph Draw graph: 0 or 1 (default) 
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